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*P"L " Plexus - Practical Federated Learning ’
without a Server

» Best of both worlds }"

/N \

rishi.sharma@epfl.ch

» Contributions:
» Emulating the server in

decentralized settings
» Future work: @;

» Nodes leaving and joining
» Load balancing rishi-s8.github.io
» Asynchronous learning
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Communication Stragglers
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Cape Town - | 26I.l 36I.0 20I.8 59I.8 67I.1 33I.6 27:.1 43I.6 35I.9
Tokyo | 394.0 89.3 112.1 42.1 48.1 66.8 39.3 85.8 108.8
Mumbai4 272.0 | 127.2 75.9 81.3 103.2 | 336.3 30.8 53.3 48.5
Sydney 1 4104 | 102.3 | 146.8 320 | 424 | 59.6 | 312 | 57.0 | 80.8
Stockholm 4 179.7 | 241.2 | 138.9 | 295.7 404.6 81.8 48.2 94.7 67.6
Milan4 162.4 | 214.8 | 110.8 | 238.8 30.2 105.7 49.4 104.9 70.1
Bahrain 4 287.0 | 164.3 36.4 179.2 | 1379 | 108.2 29.9 49.4 38.7
Sao Pauloq 340.5 | 256.6 | 305.6 | 310.5 | 214.9 | 211.9 | 320.0 92.3 60.5
Ohio+4 237.0 | 131.8 | 197.3 | 1879 | 120.0 | 109.2 | 212.7 | 121.9 105.0

Oregon 1 276.6 96.7 215.8 | 139.7 | 162.0 | 157.8 | 251.4 | 178.3 59.2
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https://gramoli.github.io/pubs/Eurosys23-Diablo.pdf
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